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Collaboratlve Al: A health-care scenario
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Related work:
Data Fusion

.hmu, wisd . “tobacco use”
mammography screening nicotene dependency
ablhibaind il i radiotherapy tobacco use disorder

H% Y sthma biopsy chronic airway obstruction
Cllnlcal NOteS MMmJJ.JjuL_LM ultrasound of breast emphysema

ﬁﬂ:t - ||JLiI.I||..|Ih|i._I il it MMINJLJU“JJ[&

09/01 emphysema .
09/01 biopsy

Medical Codes | |0 emphysema
6§/15 radiotherapy

emphysema
biopsy

. emphysema

§_ —? '-"\ e n ey
@n -2
. . . = 95 AR A o
Vital Signs over time 3 2 —eeoee
a o ’
3
2
> 1 ———
_? . : » ==




Related work:
White-Box Homogeneous Model Fusion
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A real-world setting:
Black-Box Model Fusion
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API to query probabilistic prediction




Collective Inference via
Gradient Aggregation (CIGAR)
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Collective Learning via
ion (COLBI)
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Guarantee: Disagreement rate is
upper-bounded by a constant
given sufficient training data
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CIGAR fusion improves performance

More accurate prediction High prediction . Low prediction
with more fusion iterations variance PRE-FUSION variance POST-FUSION
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COLBI fusion improves performance

More accurate prediction High prediction > Low prediction
with more fusion iterations variance PRE-FUSION variance POST-FUSION
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Thank you for listening!

Our poster session:

6:30pm Wednesday, Jun 12, 2019
Pacific Ballroom #184

Paper - Collective Model Fusion for Multiple Black-box Experts




