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AdaBoostV: Finds a classifier with a provable bound on the trade-off between the
number of hypotheses and the minimal margin. [Ratsch and Warmuth 2005]

JMLR: Conjecture: there is a lower bound which matches AdaBoostV. [Nie etal. 2013]
FALSE.

SparsiBoost: Obtains a slightly better bound than AdaBoostV.
Proved matching lower bound, so SparsiBoost is optimal.
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