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Matrix Decomposition Models

• Clustering MG+G
• Low-Rank Approximation GG+G
• Binary Features BG+G
• RandomWalk CG+G
• Co-Clustering M(GMT+G)+G
• Clustered Matrix Decomp. (MG+G)(GMT+G)+G
• Binary Matrix Factorization (BG+G)(GBT+G)+G
• Dependent GSM (exp(GG+G)◦G)+G
• ……
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Key Observation: Each step involves the same sub-problem.

Layer-wise Exhaustive Search
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Speed Up: 3�∼39�.
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